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mandates), but also lead to spontaneous, concurrent behavior change in individuals. g2°°' 2% comparison.
> Understanding how to optimize mask mandates is challenging because it is difficult to c 2 Real life | 10% 25% 50%
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> We sought to model counterfactual scenarios for COVID-19 hospitalizations and compare these to 14 day | July25 | July27 | July31 | August6
the real-life scenario (mandate on July 3, 2020). We compared counterfactual scenarios in which: 25% due to Mandate 259 due to Mandate delay |(29 days) | (31 days) | (35 days) | (41 days)
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2) 10%, 25%, and 50% of the changes seen in the baseline scenario were attributed to the é % CONCLUSIONS
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mandate (as opposed to_ Spontaneous beha_v'or change) S 150 @ > The impact of mask mandates is is highly context-dependent and depends both
> We used an SEIR (Susceptible-Exposed-Infectious-Recovered) model framework. = - on the timing and percent of increased masking that is attributed to the mandate.
> We fit models using the LEMMA package in R, which implements Markov Chain Monte Carlo §1°° 9 > Implementing a mandate even a few days earlier is associated with fewer
Methods via Stan. Q c0o. . e . . .
SHREs Vlla .l.an - enitalioa ] f o g 0 §6°° cumulative hospitalizations and earlier return to baseline, even in contexts when
g O”T model ut '.Zed aggregated hospitalization and deat .data or St. Louis city ar?d county > E relatively small amounts of behavior change iIs due to the mandate (e.g., 25%)
residents admitted to nearly all hospitals in the metropolitan area. We used hospitalization and & £ | s | |
deaths as they are less susceptible to bias from differences in testing rates. C 0— | - - D © 500 o = - n » Although COVID-19 burden is lower, earlier implementation also leads to slightly
Jul Au e ct u u e ct -
> We first fit a real-life model to estimate changes in transmission after the July 3, 2020 mask ’ " ° i longer overall duration of the mask mandate.
mandate, and then estimated counterfactual scenarios. » Given wide variations in public behavior, locally-tailored models are essential for
S | 50% due to Mandate 50% due to Mandate estimating the impact of interventions and informing the local public health
Table 1. Prior distributions for SEIR model parameters. All priors were normal 200- o 800- response.
distributions with the means and standard deviations listed. gﬁo § REFERENCES
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